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%% CHFIARALERY
load fisheriris;

% Bt HELP4~4325: 'versicolor' fii'virginica'
inds = ~strcmp(species, 'setosa’);
% {4 AR

X = meas(inds,3:4);
y = species(inds);
tabulate(y)
Value Count Percent
versicolor 50 50.00%
virginica 50 50.00%

%% SVMELALIZE, Al Ff 2k % pf 21

SVMModel = fitcsvm(X,y, 'KernelFunction', 'linear');
%% A IEATHUE R 4 0 SCHF I R

sv = SVMModel.SupportVectors;

figure

gscatter(X(:,1),X(:,2),y)

hold on

plot(sv(:,1),sv(:,2), ko', 'MarkerSize',10)
legend('versicolor','virginica', 'Support Vector')
hold off
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% S A Fisher's iris #dfif:.

load fisheriris

X = meas;
Y = species;
tabulate(Y)
Value Count Percent
setosa 50 33.33%
versicolor 50 33.33%
virginica 50 33.33%
% fIESVMBIR (rJ4RAD , Hxt o mitirtnik L ab B

% predictors.

t = templateSVM('Standardize',1);

Mdl

B JE T SVM /3 BRI HEAT IR F 4 i % 43 b
= fitcecoc(X,Y, 'Learners’',t,...

‘ClassNames',{'setosa', 'versicolor', 'virginica'})

Mdl =
ClassificationECOC

ResponseName:
CategoricalPredictors:
ClassNames:
ScoreTransform:
BinaryLearners:
CodingName:

IYI

[
{'setosa’
'none’
{3x1 cell}
'onevsone'’

'versicolor' ‘'wvirginica'}
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% HSE AN I, RS R 5 A AT WA A
load hospital
dsa = hospital;

% FREBIUEAR ALK,
% A ES R AWilkinson Notation, PEfEE#A A
% http://cn.mathworks.com/help/stats/wilkinson-notation.html

modelspec = 'Smoker ~ 1 + Age + Weight + Sex + Age:Weight + Age:Sex + Weight:Sex';
% it Z % ‘Disribution’ §55C 'binomial ' #4i% fEla] R

mdl = fitglm(dsa,modelspec, 'Distribution', 'binomial"')

mdl =

Generalized linear regression model:
logit(Smoker) ~ 1 + Sex*Age + Sex*Weight + Age*Weight
Distribution = Binomial

Estimated Coefficients:

Estimate SE tStat pValue
(Intercept) -6.04922294807952 19.7494553991791 -0.306298215612111 0.759377597706477
Sex_Male -2.28589740940292 12.423950346836 -0.1839911900473 0.854020366262019
Age 0.116908396522182 0.509769853843979 0.229335642004111 ©.818608053266245
Weight 0.0311093897007663 0.152084663337829 0.204553102318163 0.837921299452791
Sex_Male:Age 0.0207335744147806 0.206813541990096 0.100252499015628 0.920143867723874
Sex_Male:Weight 0.0121599715158412 0.053168447969146 0.228706535178489 ©.819097015071498
Age:Weight -0.000719593684094343 0.00389639473279403 -0.184681926098985 0.853478523194913

100 observations, 93 error degrees of freedom
Dispersion: 1
Chi~2-statistic vs. constant medel: 5.87, p-value = 0.535
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% Hdlss A
load fisheriris

% MATLAB+ Z i 2l linkage ph 2 sE i .

% JEIERAT AR B B B S

% FNIEEN Sk ‘euclidean ', R JLEGHE
eucD = pdist(meas, 'euclidean’);

% HWEERHE A E: Cward', R/MER A
Z = linkage(eucD, 'ward');

] P R

% i cophenetic ¢ REGTIH I FL
% (ELERC A RA By ST A iy
cophenet(Z,eucD)

FWEEE D, KRR D

ans = 0.872828315330562

% RAT SRR AL R
c = cluster(Z, 'maxclust',4);

A PLE R EIR B R A M, ] dendrogram BRI %L :



% LA EEIR
dendrogram(Z)
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FIF MATLAB #47#1882 3 : https://cn. mathworks. com/solutions/machine—

learning. html?s tid=hp solutions machine
Statistics and Machine Learning Toolbox #3BIX# :

https://cn. mathworks. com/help/stats/index. html?s cid=doc ftr
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